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ABSTRACT

An individual’s mental well-being is the base on which all the other quality
factors of life could be influenced. Examining the association of socio-
economic and demographic variables with mental health conditions
provides an initial approach to understanding contributors to the prevalence
of mental health conditions among the general South African working
age population (i.e. men and women aged 15 to 64 years). This study
accordingly looks at the socio-economic and demographic profile of mental
illnesses among the South African working age population by ascertaining
factors predicting mental well-being. Using weighted, secondary survey data
from Statistics South Africa’s General Household Survey (GHS), the results
show that employment status accounts for the biggest contributor to mental
well-being among the working age population. The risk of persons likely
to report themselves to be suffering from both single and multiple types of
mental illnesses relative to no mental illnesses for persons who were not
employed was also found to be higher than for those who were employed.
Other socio-demographic contributors to mental well-being include gender,
population group, age and education.

Keywords: demographic variables; labour force participation; mental well-
being; mental health; mental illnesses; socio-economic variables; working
age population.

An individual’s mental well-being is the base on which all the other quality factors of
life could be influenced (Sawatzky, 2007). It is unlikely that an individual who suffers
from poor mental well-being would enjoy other aspects of life such as family life,
social life, financial success and general productivity (Goldsmith, Veum, & Darity,
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1996; Sawatzky, 2007). One of the most important characteristics of the working age
population is its ability to participate in the labour force. The International Labour
Organization [ILO] (1982) defines the labour force as comprising of all persons aged
15 to 64 years who are employed as well as all persons who are unemployed. This
is important because labour force participation is critical to the economic growth
of a country, particularly a developing one such South Africa (Goldsmith et al.,
1996). Low levels of labour force participation have been linked to poor mental
well-being among persons who are not employed (Goldsmith et al., 1996; Taris,
2002). Statistical evidence provided by social psychologists suggests that the effects
of unemployment can manifest as ‘helplessness’ among those affected (Goldsmith
et al., 1996; Taris, 2002). Feelings of helplessness have been known to impair
motivation, hamper learning and generate undesired emotional consequences, all
of which are expected to reduce personal productivity (Goldsmith et al., 1996;
Taris, 2002). Goldsmith et al. (1996) argue that if a substantial number of people
experience spells of unemployment, these individually-based productivity and
attachment affects are likely to manifest themselves in observable impacts upon
aggregate labour supply and demand. In South Africa, a country that is characterised
by poverty as well as high and increasing levels of unemployment (StatsSA, 2008a),
the importance of good mental health among the working age population therefore
becomes extremely essential. Accordingly, the purpose of this study is to examine
the impact of socio-economic and demographic variables on mental well-being. This
evaluation is critical in isolating added factors that could influence mental well-
being among the population under study.

LITERATURE REVIEW
Mental well-being

Mental illnesses are common and cause a social burden in most countries (Araya,
Rojas, Fritsch, Acuna, & Lewis, 2001). According to the World Health Organisation
[WHO] (2001), approximately 6.2 million people in the world suffer from some
kind of mental illness, 10.8% (668,000) of these individuals live in the sub-Saharan
Africa. Depression is estimated to be present in about 31% of all those seeking care
at primary health care facilities worldwide, 21.6% in the sub-Saharan Africa(WHO,
2001). Mental illnesses are diseases that affect cognition, emotion, and behavioral
control and can substantially impair individuals’ functioning within their families as
well as in the broader society (Hyman, 2006). In psychology literature, mental well-
being (also referred to as psychological well-being) is defined as a contented state of
being psychologically healthy (Wright, Cropanzano, Douglas, Bonett, & Diamond,
2009). This state of well-being is characterised by the relative presence of positive
emotions and the relative absence of negative emotions (Maluka, 2004; Wright et
al., 2009). Psychologically well individuals are those who optimally balance their
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negative feelings with more positive feelings (Wright et al., 2009). In contrast, poor
mental well-being has been associated with mental illnesses (Ryff et al., 2006).

Measuring mental health

Mental health indicators

This section sets out the background and the rationale for the selection of indicators
that are used to measure mental health in this study. The current study uses three
self-reported mental health indicators as measured by the General Household
Survey (GHS) and selected from the (American Psychiatric Association’s [APA],
1994) Diagnostic and statistical manual of mental disorders (DSM-1V) and (World
Health Organisation’s [WHO], 1992) International Classification of Diseases
(ICD-10), namely: depression, alcohol and drug abuse as well as a group of mental
health disorders classified as behavioural problems associated with psychological
disturbances and physical factors. Behavioural problems, associated with
psychological disturbances and physical factors in this study, include eating and
sleeping disorders, sexual dysfunction and the abuse of dependence-producing
substances (ICD -10).

In this study, self-reported poor mental health is defined as the proportion of
men and women of working age (i.e. aged 15 to 64 years) who perceive themselves
to be suffering from either one of the mental illnesses indicated above. Although
instruments such as the Composite International Diagnostic Interview (CIDI 3.0)
and the General Health Questionnaire (GHQ) have been widely used to generate
clinical mental health diagnostics (Bijl, Ravelli, & van Zessen, 1998; Kessler et al.,
1998; Stein et al., 2008), the use of self-reported mental illnesses as a measure of
prevalence of mental illnesses within individuals is not only accepted but common
and has been used in various studies (Myer, Seedat, Stein, Moomal, & Williams,
2009).

Systems and theories influencing mental health

Systems such as poverty and unemployment have been found to have both direct
and indirect effects on the social, mental and physical well-being of an individual.
For example, Wilkinson (1996) found that there were several obstacles, deficits
and threats to health that were inherent in poverty. Wilkinson (1996) argued that
the poor are exposed to dangerous environments and that they lack necessities,
information and support. One of the most popular studies conducted on the effects
of unemployment on mental health subject is by Moller (2001), who researched the
quality of life of black unemployed South Africans residing in urban areas from a
social-psychological perspective. The overall conclusion in Moller’s (2001) study
was that unemployment was significantly associated with higher rates of financial
and psychological deprivation.
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Theories explaining poverty and health outcomes include the Artefact theory
by Townsend, Davidson, and Whithead (1992), which suggests that both class and
health are artificial variables, and that the relationship between them may itself be
an artefact. It is believed that the failure to reduce the gap between classes has been
counterbalanced by the shrinkage in the relative size of the lower socio-economic
classes themselves. Built on Charles Darwin’s (1859) work, the Natural Selection
theory on the other hand suggests that a higher social class has the lowest rate of
premature mortality because it is made up of the strongest and most robust men and
women in the population, and that the lower social class has the weakest people.
The Materialist theory emphasises the role of economic impact and associated
socio-structural factors in the distribution of health (Shaw, 2004), while Behavioural
theories suggest that cultural or behavioural explanations of the distribution of
health propose that unequal distribution in modern industrial society is the result
of reckless lifestyles, wherein people harm themselves or their children by their
excessive consumption of harmful commodities, and by their underutilisation of
preventive health care (Lewis, 1967).

Other socio-demographic factors

Mental well-being may also be affected by a wide range of factors different among
individuals. For example, gender, marital status, age, and education have been
known to impact mental health in different ways (Afifi, 2007; Gollust, Lantz, &
Ubel, 2010; Kessler et al., 2009; Patel, Flisher, Nikapota, & Malhotra, 2008). For
example, women have been prone to suffer from depressive and anxiety disorders
while men are most likely to suffer from substance abuse (Afifi, 2007; Williams
et al., 2008), while the effect of marital status on health is generally assumed to
be mediated by psychosocial factors, material circumstances and health-related
behaviours (Schafer, Quesenberry & Wi, 1995).

METHODOLOGY
Study design

The relationship between mental well-being and socio-economic and demographic
factors was investigated using a cohort group in which the mental health of persons,
aged between 15 and 64 years, were followed over a five year period, concentrating
on three points between 2004 and 2008 (i.e. 2004, 2006, and 2008).

In general, cohort analysis attempts to identify cohort effects: Are changes in
the independent variable (mental health problems in this example) present because
the sample members belongs to the same cohort (employed vs. not employed)?
Furthermore, because cohorts measure events in chronological order, they can
be used to establish a relationship between two or more variables. The benefit of
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conducting a longitudinal study that uses a cohort over time is that, unlike panel
studies (where the same individuals are studied over time), different members of
the cohort may be studied at each time point. Using cohort analysis in the present
study was therefore the preferred method of analysis because of its high flexibility,
including the fact that it can be used with either original data or secondary data
(Adams et al., 2007; Pai et al., 2004).

Data sources

The results in this study are presented using weighted secondary survey data from
Statistics South Africa’s General Household Survey (GHS). The sampling weights
for the data collected from the sampled households are constructed so that the
responses could be properly expanded to represent the entire civilian population
of South Africa. The weights are the result of calculations involving several
factors, including original selection probabilities, adjustment for non-response, and
benchmarking to known population estimates from the Demographic division of
Statistics South Africa (Stats SA) (Stats SA, 2008c). All GHS datasets are in the
public domain and are available on the website of Statistics South Africa (www.
statssa.co.za). The GHS is well suited for such an investigation since it contains
detailed information on the personal characteristics of individuals in the sample, as
well as their labour force status.

Data reliability

The GHS sample comprises approximately 30,000 households, sampled on a
statistically representative basis across nine provinces and 53 District Councils
within provinces throughout South Africa (Stats SA, 2008b). On average, a final
GHS dataset would typically consist of approximately 94,000 valid person records
in that year. GHS results are subject to two types of possible error:

Sampling error is a measure of variability that occurs by chance because a sample,
rather than the entire population, is surveyed. The magnitude of the sampling error
is controlled by the size of the sample and the use of statistically sound techniques,
such as increasing the sampling size, which can directly affect the margin of sampling
error that is reported with survey results as well as sampling reconciliation whereby
reconciling collected data with the sample to ensure all sample units are accounted
for during data collection.

Non-sampling error on the other hand, includes errors arising from biases in the
patterns of response and non-response, inaccuracies in reporting by respondents, and
errors made in processing data.
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Data analysis

Data analysis in this part of the study mainly focused on assessing the incidence
of self-reported mental illnesses among the South African working age population.
Analysis was conducted over a five year period, focusing on the years 2004, 2006
and 2008. Mental health indicators as identified earlier were used to measure mental
well-being. Analysis in this section was conducted as follows:

Descriptive and multivariate statistics were used to report the incidence of self-
reported mental illnesses among men and women aged 15 to 64 years. Multinomial
logistic regression models were conducted to tests for the best predictors of mental
illness among the working age population using socio-economic and demographic
variables as the independent variables against mental health as the binary dependant
variable.

Ethical considerations

Permission to use the data was received from Statistics South Africa’s (Stats SA)
executive management on Monday the 2nd of February 2009. Although the study
is about mental illnesses among unemployed individuals, no invasive physical
procedures were conducted on respondents. Instead, the study relied on self-reported
mental health problems and the study therefore measured perceived mental illnesses
as reported by individuals under study. In addition, as part of all Stats SA field work
training procedures, field workers were trained to accept whatever they were told
by the respondents without probing further, especially when dealing with sensitive
issues. Lastly, although the final dataset includes respondents’ personal information
such as names and physical addresses, this information was only collected for
administrative purposes. Any personal information that would make the identification
of respondents possible was not reported on so as to ensure respondent anonymity.

Limitations of the study

The first limitation of the study lies in the fact that the study follows a cohort
study design. One of the disadvantages in cohort studies is that it is difficult to
assess whether associations between cohort and dependent variables derived from
the studies are of a causal nature or not (Power & Elliott, 2006). Cohort studies
are subject to the influence of factors over which the investigator most often does
not have full control. By using longitudinal data, where the same individuals are
followed over a period of time, the study would be better suited to further explore
the possible differences of mental health status between respondents. The second
limitation of the study is that the incidence of mental illnesses was not obtained
by clinical diagnosis. Diagnoses were based on self-reported incidences of mental
illnesses collected by lay interviewers. Self-diagnosis could lead to very low or
high prevalence rates as it depends on how respondents understood terms such as
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depression, substance abuse, eating or sleeping disorders. Prevalence could also
have depended on how respondents felt emotionally or physically on the day of the
interview.

Strengths of the study

Despite this limitation, the present study is one of the first studies in the country
that uses weighted population survey data to examine factors predicting the
likelihood of reporting mental illnesses. The use of weighted survey data allows
for greater generalisation than those previously reported in studies that are based
on characteristics of confined population groups such as those found in clinics or
hospitals. An additional strength of analysis in this study is that it is one of the
few investigations employing multinomial logistic regression analysis in predicting
mental illness. This technique allowed for distinctive prediction in the likelihood
of reporting one type or multiple types of mental illnesses relative to reporting no
mental illnesses.

RESULTS

Mental health among the working age population

This section provides a context on perceived levels of mental health among men and
women aged 15 to 64 years (i.e. the working age population) in the country so as to
ascertain how it has evolved over time. The analyses provide trends on self-reported
mental illnesses by making comparisons over the period 2004 to 2008.

Prevalence of self-reported mental illnesses among the working
age population

In 2004, 181 thousand (0.6%) of South African men and women of working age
reported themselves to be suffering from at least one of the three mental illnesses
covered in this study (Table 1). The proportion of persons self-reporting these
mental illnesses has been gradually increasing, reaching its highest level of 0.9%
(283 thousand) in 2008 (an additional 101,233 thousand individuals since 2004).
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Table 1: Presence of mental illness among the working age population

Presence of mental

2004 2006 2008
illness

Number Per cent | Number Per cent | Number
No mental illness 28 640 162 99,4 29577928 | 99,2 30285911
At least one mental
] 181 382 0,6 231 646 0,8 282 615
illness
Total 28 821 544 100,0 29 809 574 | 100,0 30568 526

Types of perceived mental illnesses among the working age population

In 2008, among the incidences of reported mental illnesses, the highest proportion
self-reported depression (48.6%) followed by behavioural problems associated
with psychological disturbances (41.1%) as shown in Figure 1. In 2004, persons
suffering from substance abuse accounted for fewer than 5%. Since 2004 however,
the proportion of those reporting substance abuse has more than doubled (i.e. from
4.1% in 2004 to 10.3% in 2008), while the proportions of individuals suffering from

depression and behavioural problems seems to have declined.
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Figure 1: The distribution of mental illnesses among those afflicted

An index of mental illnesses was created to ascertain the extent to which individuals

report themselves to be suffering from more than one type of mental illness.
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Table 2: Model 1 - Predicting the likelihood of reporting one type of mental illness relative
to no mental illness among the working age population using multinomial logistic regression
model (relative risk ratios)

NOTE: Martal status was excluded fom the model

Base outcome mental health index = 0

Mental health index score = 1 Dependent effect

2004 2006 2008

Gender

Male 1,00 1.00 1,00
Female 0,71 0,70~ 0,74
Population group

Black 1,00 1.00 1,00
Coloured 2,35 0,74 L.
Indian/Asian 1,32== 0,95 0,97
White 0,94 047 129
Education

No schooling 1,00 1,00 1,00
Less than pnmary completed 0,93~ 0,66~ 5=
Pramary completed 0,46 0,40 0,36==
Secondary not completed 0,46 0,32== 0,25
Secondary completed 0,30 0,39=== 0,21
Tersary 0,55=== 0,43 0,12
Age groups

15-24 yrs 1,00 1,00 1,00
25-34 yrs 3130 243+~ 1,62%==
3544 yrs 3,64 2,82 2 800
4554 yrs 3,89== 3,28== 2,37
5564 yrs 2 0T~ 2,70~ | M
Province

Westem Cape 1,00 1,00 1,00
Eastern Cape 1,07 0,59 2 15 F
Northemn Cape 0,78*== 0,59 1,67
Free Swaee 0,95~ T 2. 20ees
KwaZulu-Natal 0,65 0,44 1,58
North West 0,97+ 0,52=== 2400
Gauteng 0,57=== 0,25 vlr. o
Mpumalanga 1,01 0,43 2,55
Limpopo 0,81 0,28 g B e
Employment status

Employed 1,00 1,00 1,00
Not employed 4,20 2% 2 T
household

No employed person in the housshold 1,00 1,00 1,00
household 0,76== 0,75 0,93
household 0,61 0,59 0,79
== = p <0,001 = =p =<0,02 *=p=0,05
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Table 3: Model 2 - Predicting the likelihood of reporting two or more mental illness relative
to no mental illness among the working age population using multinomial logistic regression
model (relative risk ratios)

NOTE: Marital status was excluded fom the model
Base outcome mental health index = 0

Mental health index score =2 Dependent efiect
2004) 2006 2008

Gender

Male 1,00 1,00 1,00
Female 0,42*= 0,20 051
Population group

Black 1,00 1.00 1.00
Coloured 6,01 3,87 1.1
Indian/Asian 6,93 3,03= 1,91=
Whits 8,10 0,46 0,950
Education

No schooling 1,00 1,00 1,00
Less than pnmary completed 0,24 0,30 0.35=
Prmary completed 0,19 0,60 0,59
Secondary not completed 0,07 0,25 0,36

Secondary completed 0,09 0,14 0,36***
Tersary 9,32 225 338
Age groups

15-24 yrs 1,00 1,00 1,00
25-34 yre 360 6,52 ZA =
3544 yrs 2,87 8,94 0,61==
4554 yrs 135%= 5,31 6,42
5564 yrs 1,01 23] e
Province
Westem Cape 1,00 1,00 1,00
Eastem Cape 0,68 5,52 0,16
Northem Cape 1.69 2,16 0,15
Free Stae 1,54== 18,11 1312
KwaZulu-Natal 064> 9,92 0,17
North West 1,20*== 10,54 0,55
Gauteng 1,39== 18,42% 0,44
Mpumalanga 1,69 27,40 0,38
Limpopo 041> 52,20"* 0,30
Employment status
Employed 1,00 1,00 1,00
Not employed 1,63 6,00 3,13
No. of employed persons in the household
No employed person in the household 1,00 1,00 1,00
At least one employed person in the housshold 0,45 1,02 1,10~
Twio or more employed person in the household 0,09 1,73 0,86

=== = p <0,001 *==p <0,02 *=p <005
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Predicting the likelihood of persons self-reporting one type
versus multiple types of mental iliness relative to reporting no
mental illness.

In this section, the effects of the various predictive demographic and socio-economic
variables on the likelihood of individuals reporting themselves to be suffering from
mental illnesses in the country was examined through multivariate (dependent
effect) modelling. Multinomial logistic regression was used to ascertain these
predictors using the mental illness index. Table 2 (Model 1) gives the relative risk
ratios of scoring 1 on the mental health index (i.e. suffering from at least one of the
mental illnesses identified in the study) relative to scoring 0 (reporting no incidence
of mental illness) for each predictive variable. Table 3 (Model 2) on the other hand,
gives the relative risk ratios of scoring two or more on multiple illnesses on the
mental health index (i.e. suffering from two or more mental illnesses) relative to
scoring 0 (reporting no incidence of mental illness) for each predictive variable.

It should be noted that the mental health index in the multinomial logistic
regression model has been reduced to only three levels, i.e. 0, 1, 2. The reduction of
levels within the index was necessitated by the fact that the score of 3 in the original
index did not yield any significant effects on the model. Therefore, scores of 2 and
3 on the mental health index discussed below were merged, so that a score of 2 is
representative of individuals who had indicated suffering from two or three types of
mental illness.

Gender

When controlling for other variables in the model, the relative risk for females
relative to males self-reporting one or multiple types of mental illness relative to
no mental illness is expected to decrease (p<.001) over the five year period when
looking at the dependent effect. The risk however drops even lower compared to
reporting more than one type of mental illness (i.e. decrease of 0.49% for females
reporting multiple illnesses compared to a decline of 0.26% in the likelihood of
reporting one type of illness in 2008).

Racial differences

The relative risk of persons perceiving themselves to be suffering any type of mental
illness (one or multiple) relative to reporting no illness was generally higher among
Coloured persons compared to the reference group (Black African), when a range
of socio-economic and demographic variables were controlled for in the models.
In 2008, however, there was a slight decrease in the difference among these two
groups when reporting multiple illnesses. For example, in 2008, Coloureds were
0.79% (p<.001) more likely to report some kind of mental illness compared to Black
African people. Although Coloured people were still more likely to report mental
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illness, this risk dropped to 0.71% (p<.001) when reporting multiple illnesses
compared to Black people.

Age

Since 2004, the relative risks of individuals likely to report themselves to be suffering
from mental illness relative to no mental illnesses was consistently higher for persons
between the ages of 45 and 54 years, relative to those aged 15 to 24 years. These
findings were true irrespective of the number of types of mental illnesses reported,
although the relative risk ratios predicting multiple illnesses were on average two to
three times higher than those shown in the prediction of one type of mental illness.

Geographical location

Between 2004 and 2006, the relative risk of persons perceiving themselves to be
suffering from at least one type of mental illness relative to no mental illness was
lower across all eight provinces relative to the reference province (Western Cape),
while no consistent pattern was observed in the prediction of reporting multiple
illnesses. From 2004 to 2006, individuals living in Gauteng were least likely to
report one type of mental illness. In 2008, however persons living in the Eastern
Cape, Free State, North West, Gauteng and Mpumalanga were twice more likely to
report a maximum of one incidence of mental illness relative to individuals residing
in the Western Cape. This was, however, not true when reporting more than one type
of mental illness.

Socio-economic status

Socio-economic status, measured as a combination of educational levels, employment
status, and the number of employed persons in a household, is seen to be related to
the absence or presence of mental illnesses. Those with lower levels of education,
not employed, and living in households with no employed persons were more
likely to self-report at least one type of mental illness. This pattern was consistent
throughout all the years of reporting (2004 to 2008). Socioeconomic status therefore
is an additional important independent factor influencing mental well-being.

Effects of education

When predicting the likelihood of reporting a single incidence of mental illnesses,
the relative risk for individuals with higher education perceiving themselves to be
suffering from mental illness relative to no mental illness was expected to decrease
in comparison to those with no education. However, contrary to results shown in
Model 1 (Table 1: predicting one type of mental illness), no significant differences
were found between individuals with tertiary education and those with no schooling
in the relative risk of reporting two or more mental illnesses. In fact, the relative risk
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for persons having tertiary education was found to be much higher than for those
with no or very little education in Model 2.

Employment status

The relative risk for self-reporting single or multiple types of mental illnesses relative
to no mental illnesses for persons who are not employed increases relative to those
that are employed. Furthermore, the relative risk ratios reported for the likelihood
of reporting multiple illnesses were twice as much as those reported for one type
of mental illness for all the years of reporting. Although the relative risk ratios for
predicting one type of mental illnesses had declined by almost half from 2004 to
2008, employed persons were least likely to report any type of mental illnesses.

Number of employed persons in the household

The presence of at least one employed household member in a household where an
unemployed individual lived was found to ameliorate the impact of self-reporting one
type of mental illness among persons who were not employed. This was, however,
not true when more than one type of mental illness was reported.

DISCUSSION
Perceived mental health among the working age population

The results presented in the previous section showed that the proportion of persons
self-reporting mental illness among the South African working age population has
been gradually increasing since 2004. In 2008, approximately 283 thousand (0.9%)
individuals aged between 15 and 64 years reported themselves to be suffered from
at least one of the three mental illnesses used in the study (an additional 101,233
individuals since 2004). The prevalence reported in this study (for the year 2008)
is comparable to the figure reported by Kessler, Amminger, Aguilar-Gaxiola,
Alonso, Lee, and Ustiin (2007) for South Africa - although this figure was slightly
higher at 1.5%. More recent studies however report prevalence rates ranging from
4.0% to 16.5% for South Africa alone (Myer, 2009; Williams et. al., 2008). For
example, Williams et al. (2008) reported a prevalence of 16.5% for any Diagnostic
and Statistical Manual of Mental Disorders (DSM-IV) or Composite International
Diagnostic Interview (CIDI) disorder for a duration of 12-months.

The extent to which the different profiles of mental illnesses differ could be due
to a number of reasons. Firstly, studies used for comparisons in this study used
different methods. The instrument used considered three types of mental illnesses
while comparative studies used a wider list of mental disorders to measure mental
illness. Secondly, while analyses and diagnoses in this study were based on self-
reported incidences of mental health, the prevalence of mental illnesses in the
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comparative studies were based on clinical diagnostics. In addition, and perhaps
the most important factor, is the time frame. The large amount of literature used for
comparison purposes used a 12 month time frame for reporting any illnesses, while
the current study used one month. Lastly, studies also show that under-estimation
of reporting of mental illnesses in studies can often be linked to research showing
that people with disorders are less likely than others to participate in mental health
surveys (Kessler et al., 1998; Kessler et al., 2007). These studies indicate that there
is often a bias against reporting embarrassing behaviors and that there are also age-
related underestimations of illness and failures to report past disorders. On the other
hand, reports also talk about ‘the interviewer error’ which is reported to sometimes
lead to over-estimating prevalence when the interview thresholds for defining
disorders are too liberal (Kessler et al., 2007).

In spite of the differences reported in the prevalence of mental illnesses shown
and discussed above, it is envisaged that the figures and the prevalence reported in
this study will add on to the much needed documentation of mental health in South
Africa.

Mental illnesses and socio-economic and demographic
factors among the working age population

Examining the association of socio-demographic variables with mental health
conditions provides an initial approach to understanding contributors to the prevalence
among the general South African working age population. The discussion below
accordingly discusses socio-economic demographic factors which were found to
contribute to the likelihood of reporting mental illnesses among the South African
working age population.

Gender

Men were more likely to report themselves to be suffering from single or multiple
types of mental illnesses compared to women. Although literature does point to the
fact that gender does play an important role in predicting mental illnesses, the effects
of gender on mental health are limited to the extent as it relates to specific types of
mental illnesses. For example, women have been prone to suffer from depressive
and anxiety disorders while men are most likely to suffer from substance abuse
(Williams et al., 2008). Future studies, adopting a gender analytical approach, would
prove to be invaluable in providing a better understanding of mental health problems
and decisions relating to treatments of these problems among the two gender groups.

Population group

The likelihood of persons self-reporting mental illnesses in this study was consistently
lower among White persons compared to other racial groups, with Coloured people
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more likely to report mental illnesses. This finding is consistent with that reported
in a study by Williams et al. (2008). Of interest, however, is the noticeable increase
in the proportion of individuals reporting mental illness among the Black African
population from 2004 to 2008. The differences reported on mental illnesses among
racial groups are often attributed to factors such as western definitions of mental
illness and instruments used to measure mental illnesses; cultural differences between
races such as the expression of distress; the stigmatization and the misunderstanding
of mental illness among the different cultures; and difficulties with access to and use
of mental health services often faced by disadvantaged communities (Gollust, Lantz,
& Ubel, 2010).

Education

In this study, the proportion of persons reporting themselves to be suffering from
only one mental illness among individuals with less than primary education has
been on average twice as much as those with at least secondary education. These
results were consistent over the five year period of reporting (2004 to 2008). These
analyses demonstrate that high prevalence of mental disorders are associated with
reduced educational achievement and are consistent with findings from Europe,
North America and Australia (Patel et al., 2008; Townsend, Flisher, & King, 2007).
Given the high prevalence of mental disorders among persons with lower educational
achievement reported, not only in the present study regarding this country but also
in other countries, any intervention aimed at increasing levels of mental well-being
among the population should take into consideration the role of education and its
impact on mental health. Taking this approach could have important implications for
the way mental health policy is assessed. The results differed for persons reporting
more than one type of mental illness. Persons with a tertiary education were found to
be more at risk of having more than one type of mental illness than those with no or a
very low level of education. It is perhaps an indication that having a tertiary education
brings with it the expectation that a high level of education would ensure not only
employment, but also employment that would offer high rewards in earnings. The
ensuing devastation as a result of the unrealised expectations would consequently
have a much more drastic effect on these persons than those of lower educational
levels whose expectations would not be as high.

Age

The perceived incidence of mental illness among the working age population in this
study was found to gradually increase with age. These results are consistent with
those reported in previous research (Kessler et al., 2009; Ormel et al., 2007). Mental
disorders are known to have earlier ages of onset. The analysis conducted by Kessler
et al. (2009) showed that early-onset mental disorders were significant predictors
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of the subsequent onset and persistence of a wide range of physical disorders later
in life. This fits into a larger pattern of associations between early onset of mental
disorders and a variety of factors such as reduced educational attainment, early
marriage, marriage instability and low occupational and financial status (Kessler et
al., 1998). As far as intervention is concerned, literature is rather vague as to whether
the relationship between the associations and age is causal or not. As a result it is
difficult to decide if these outcomes are consequences of mental health or vice versa.

Geographical area

The results discussed in the previous section showed that there was a consistent
increase in the proportion of persons reporting themselves to be suffering from
mental illnesses among persons living in five of the nine provinces, Northern Cape,
Free state, North West, Gauteng and Mpumalanga over the period 2004 to 2008.
Conversely, there was a gradual decline in the proportions of cases of mental illness
among people living in the Western Cape. The lowest proportion of persons reporting
themselves to be suffering from mental illness was reported among those living in
Gauteng and Limpopo since 2004. No other South African studies have compared
mental illness across provinces. Studies generally tend to focus on mental health
trends within the country or in a specific province (Myer et al., 2009; Williams et
al., 2008).

Employment status

There was a significant effect resulting from employment status on mental health,
with employed persons less likely to self-report mental illnesses compared to persons
who were not employed. These results are supported in literature where persons, who
were not employed, were shown to have poorer mental health than employed people
(Murphy & Athanasou, 1999; National Survey on Drug Use and Health [NSDUH],
2006). Copious amounts of research have additionally attempted to establish a link
between unemployment and poor mental health or, in other words, does the status
of not being employed cause psychological problems or vice versa. For example,
Schaufeli (1997) argued that people with pre-existing psychological problems are
more likely to become unemployed (the ‘selection hypothesis’). However, while
those with pre-existing psychological problems do appear among persons not
employed, they are unlikely to account for the majority of the unemployed (Fryer,
1997). In addition, various longitudinal studies (that are able to track psychological
changes in individuals over time) have shown that people’s mental well-being
changes as their employment status changes. For example, in studies reviewed
by Murphy and Athanasou (1999), evidence was found of both decreased mental
health for those moving from employment to unemployment and increased mental
health for those moving from not being employed to being employed. Murphy and

58



FACTORS PREDICTING MENTAL WELL-BEING AMONG THE SOUTH AFRICAN
WORKING AGE POPULATION

Athanasou (1999), therefore, concluded that the ‘selection’ effect did not seem to
apply in the majority of the surveyed studies and that the studies best placed to
control for such potential confounding variables concluded that unemployment per
se had an effect on mental health.

CONCLUSION

The findings presented in this study are disconcerting. Increasing levels of self-
reported incidences of mental illness among the general South African working age
population have been observed since 2004. The results shown in this study indicated
an increase of more than 101 thousand reported incidences (of at least one type of
mental illnesses) among the working age population over the period 2004 to 2008.

When predicting factors associated with the likelihood of self-reporting mental
illnesses among the working age population, employment status accounted for the
biggest contributor, specifically not being employed. Other socio-demographic
contributors included gender (males were most likely to report mental illnesses),
population group (with the Coloured and the Black African population groups more
likely to be at risk), age (the relative risk for older persons reporting mental illnesses
was higher than it was for younger persons) and education (having lower levels of
educational resulted in increased chances of reporting mental well-being). The risk
of reporting both single and multiple types of mental illnesses relative to no mental
illnesses for persons who were not employed was found to be higher than for those
who were employed.
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